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Electrical impedance tomography (EIT) is a powerful non-destructive imaging technique with diverse appli-
cations such as medical imaging. The inverse problem of reconstructing internal electrical conductivity from
boundary measurements is nonlinear and highly ill-posed, making it difficult to reconstruct the inclusions in-
side of the body accurately. Recently, there is growing interest in combining analytical methods and machine
learning method to solve inverse problems. In this paper, we propose a method for reconstructing the convex
hull of inclusions inside of the body from boundary measurements by combining the enclosure method pro-
posed by Ikehata and neural networks. As the application of our proposal method, we demonstrate to solve

real-world EIT measurements data.
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