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Analysis Method of Random Parameters Space
for Evaluation of Tail Distribution of Qol in stochastic simulation
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Monte Carlo simulation (MCS) is a convenient stochastic simulation method, but its computational cost
is huge and the accuracy of the tail distribution of the quantity of interest (Qol) is not enough even with
10000 samples. Therefore, this paper proposed an efficient and detailed analysis method of the tail
distribution of Qol and a visualization method of the multi-dimensional random parameter space to
understand the random parameter sets leading to extreme values of Qol.
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Fig.2 Distribution of von Mises stress
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Fig.3 Visualization of random parameter space
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Fig.5 Predicted initial fracture load
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Fig.6 Statistical data of experimental and simulation
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