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A Compact Deep-Learning Model that Efficiently Classifies Emotions Using EEG
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Emotion classification is an essential technology in mental care and human-computer interaction. Emotion
classification using electroencephalography (EEG) has attracted attention as a means of directly grasping
the user's internal state. However, due to the high dimensionality of EEG data and the limitations of
computing resources, there is a need to achieve both lightweight models and improved accuracy for
generalization. In this study, we will adopt a deep learning model called EEG-TCNet to reduce the size of
the emotion classification model and improve its accuracy. EEG-TCNet has a structure that combines the
compactness of EEGNet with the high classification accuracy of a Temporal Convolutional Network
(TCN). It effectively extracts the spatial and temporal features of EEG data. With this model, we aim to
reduce the computational cost while maintaining high classification accuracy.
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