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With the recent explosive evolution and spread of Large Language Models (LLMs), there are growing
expectations for automation of model construction and interpretation of results in the field of Physics-
based simulations. In this study, we have proposed a scheme to automatically execute various tasks from
investigation and determination of calculation methods, model construction, and summary and discussion
of results by combining LLM and general-purpose CAE software available on the market and identify

issues to be addressed.
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