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Evaluation of Image Segmentation Model using Training Data from Virtual Agricultural Houses
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We investigated the performance of object recognition when learning solely from images in virtual space
without using actual photographs. Additionally, to enhance object recognition performance, we employed
image generation Al to process images and examined its effects. Results showed that significant
overfitting occurred when using images from virtual space without any processing. However, applying
image processing with image generation Al effectively suppressed overfitting and improved the mean

Intersection over Union (mloU) score.
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