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DL-based Efficient Numerical Quadrature by means of Optimization of the Number of Quadrature Points
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This paper proposes a new DL-based method of efficient numerical quadrature for the calculation of
element stiffness matrices by means of the optimization of the number of quadrature points. Basic
properties of the proposed method are investigated in detail for linear and quadratic elements of tetrahedral
and hexahedral shapes, and very promising results are obtained through some numerical examples.
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Fig. 1 Solid elements
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Fig. 2 Confusion Matrix
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