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An Adaptation of XAl to Auto-tuning for Numerical Calculation Library
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We explain an adaptation of Explainable Al (XAI) to auto-tuning problem for parameter tuning on a
PICCG solver, which is one of preconditioned sparse iterative solvers. Result from SHAP, which is an
XA tool, indicates that predicted execution time for the solver from Al output can be well-explained in

our experiment.
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