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A method of rescuing people by using object detection with a camera mounted on a drone, for example,
is being considered. However, single-board computers such as edge devices that can be mounted on small
and lightweight drones have various limitations, such as power consumption and area size. In this study,
we examined the differences in performance depending on the type of CPU (Central Processing Unit) or
GPU (Graphics Processing Unit) used in the SoC (System on a chip). We used three commercially
available edge devices: the Raspberry Pi 4 Model B, the Jetson Nano 2GB developer's kit, and the Jetson
AGX Xavier developer's kit. Object detection was performed using these three models, and edge devices
suitable for installation on a drone were selected from the viewpoints of power consumption and inference
speed. YOLOVS, a deep learning-based model, was used for object detection.
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* Raspberry Pi 4 Model B

oS : Ubuntu 22.04.1 LTS
SoC : Broadcom BCM2711
AE VKR : 4GB

-1 Raspberry Pi 4 Model B

+ NVIDIA Jetson Nano 2GB B #E ¥ v b

(6N : Jetpack R32 7.3(Ubuntu 20.04.5 LTS)
SoC : Tegra X1
AV RE : 2GB

-2 NVIDIA Jetson Nano 2GB BEFEEH* v k

- NVIDIA Jetson AGX Xavier BA¥#E ¥ v b

OS : Jetpack R35 1.0(Ubuntu 20.04.5 LTS)
SoC . Xavier
AEVRE : 32GB

X-3 NVIDIA Jetson AGX Xavier BFEEXx v k
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time.time()
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print(time_result)
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