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Fundamental Study on Two-dimensional Magnetostatic Field Analysis by PINNs
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For the magnetostatic field problem derived from Maxwell's equations, the 4 method with the magnetic
vector potential as the unknown is widely used as the formulation, and the finite element method with
edge elements as the spatial discretization. There is also the # method in which the magnetic field is an
unknown as a classical formulation. This paper reports the results of applying PINNs to boundary value
problems of partial differential equations formulated by 4 method and A method respectively.
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